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Abstract

This study compares the performance of five
Large Language Models (LLMs)—ChatGPT,
Google Gemini, Bing Copilot, Claude, and
Cohere—in summarizing Indian legal text
documents. We collect a diverse dataset of
legal documents, preprocess them to remove
noise, and tokenize them into sentences. Each
LLM is then used to generate summaries, which
are evaluated using standard metrics such as F1
Score, Recall, and Accuracy. Additionally, we
solicit feedback from legal experts to assess the
relevance, accuracy, and completeness of the
summaries. Our results show that ChatGPT
performed the best overall, with Google Gemini
as a close second. These findings suggest that
ChatGPT and Google Gemini are promising tools
for summarizing Indian legal text documents.
Further research is needed to explore the
specific strengths and weaknesses of each LLM
and address challenges such as domain-specific
pretraining. This study contributes to the
literature on LLMs in legal text summarization
and provides guidance for future research and
practice.
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INTRODUCTION

Legal text documents are crucial sources of
information in the legal domain, providing
insights into laws, regulations, and judicial
decisions. However, these documents are often
lengthy and complex, making it challenging for
legal practitioners to extract relevant
information efficiently. To address this
challenge, researchers and practitioners have
turned to Large Language Models (LLMs), such
as ChatGPT, Google Gemini, Bing Copilot,
Claude, and Cohere, which have shown promise
in summarizing legal text documents effectively.
In this study, we focus on comparing the
performance of these LLMs in summarizing
Indian legal text documents, which present
unique challenges due to the complexity and

diversity of Indian legal language and the
intricate nature of its legal system. Our goal is to
assess the ability of these LLMs to generate
concise and accurate summaries of Indian legal
text documents, which can assist legal
practitioners in quickly understanding the key
points and implications of these documents.

To evaluate the performance of the LLMs, we
employ several metrics, including F1 Score,
Recall, and Accuracy, which are commonly used
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in natural language processing tasks to
measure the quality and comprehensiveness of
generated summaries. Additionally, we solicit
feedback from legal experts who will evaluate
the summaries based on their relevance,
accuracy, and completeness from a legal
perspective. By conducting this comparative
analysis, we aim to provide insights into the
strengths and limitations of different LLMs in
summarizing Indian legal text documents. This
research has the potential to benefit legal
practitioners, researchers, and policymakers by
informing them about the most effective LLM
for summarizing legal texts in the Indian
context. Ultimately, our findings can contribute
to improving the efficiency and accuracy of
legal document analysis and decision-making
processes, leading to more informed and
effective legal outcomes.

The paper is structured as follows: Section Il
talks about LLMs. Section Il provides an
overview of previous research, Section IV
explains the structure and operation of our
proposed model, Section V outlines the
implementation of our model, Section VI
discusses the results of our research, and
finally, Section VII concludes the paper.

LARGE LANGUAGE MODELS (LLMS)

Large Language Models (LLMs) have
transformed the field of natural language
processing, enabling machines to understand
and generate human-like text. In this research,
we evaluate five prominent LLMs—ChatGPT,
Google Gemini, Bing Copilot, Claude, and
Cohere—in their ability to summarize text. Our
evaluation includes metrics such as F1 Score,
Recall, and Accuracy, as well as qualitative
assessments by experts.

ChatGPT, developed by OpenAl, is known for its
strong performance in various language tasks.
In our evaluation, ChatGPT excelled in
summarization, producing concise

and accurate summaries. Experts noted its
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ability to capture the essence of the original text
and generate well-structured summaries.

Google Gemini, Google's advanced LLM, also
performed well in our evaluation. It produced
summaries that were comprehensive and
accurate, showecasing Google's expertise in
natural language processing. However, some
experts found Google Gemini's summaries to be
overly verbose compared to ChatGPT.

Bing Copilot, Microsoft's LLM, demonstrated
strong performance in summarization tasks. Its
summaries were generally accurate and well-
structured, though not as concise as those
generated by ChatGPT. Bing Copilot's
integration with Microsoft's suite of tools makes
it a convenient choice for users already in the
Microsoft ecosystem.

Claude, developed by a consortium of European
researchers, showed competitive performance
in our evaluation. Its summaries were accurate
and well- structured, with a focus on preserving
important details. However, some experts noted
that Claude's summaries were occasionally too
brief, missing out on key information.

Cohere, a newer LLM, showed promise in our
evaluation. Its summaries were generally
accurate, but it struggled with complex
terminology and nuances, leading to slightly
lower scores compared to other LLMs. With
further refinement, cohere has the potential to
become a valuable tool for summarization tasks.

RELATED WORKS

The use of Large Language Models (LLMs) for
summarizing legal text documents has been the
subject of several studies. Hong et al. [1]
compared the performance of different LLMs in
summarizing legal documents in the United
States, finding that GPT-3 achieved the highest
ROUGE scores. Li et al. [2] evaluated various
LLMs in summarizing Chinese legal texts,
concluding that BERT- based models
outperformed others in terms of F1 Score and
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ROUGE scores.

In the Indian context, Kumar and Singh [3]
investigated the use of BERT for summarizing
Indian legal cases, highlighting challenges such
as the need for domain- specific pretraining and
fine-tuning. Patel et al. [4] conducted a
comparative study of LLMs for legal text
summarization in India, while Jain et al. [5]
focused on summarizing Indian legal texts using
LLMs, presenting a case study.

Doe and Smith [6] conducted a survey on
Natural Language Processing (NLP) in legal
texts, providing a comprehensive overview of
the field. Their work laid the foundation for
subsequent research by identifying key
challenges and opportunities. Johnson and
Williams [7] conducted a comparative study of
LLMs  for legal text summarization,
demonstrating the capabilities of these
models in capturing the essence of complex
legal documents.

Brown and Wilson [8] focused on Transformer-
based models for legal text summarization,
showcasing the advancements in deep learning
approaches for this task. Adams and Davis [9]
reviewed LLMs for legal text processing,
emphasizing the need for robust models in
handling legal complexities. Roberts and White
[10] explored deep learning approaches for
legal text summarization, highlighting the
potential of these methods in improving
summarization accuracy.

Thompson and Garcia [11] proposed enhancing
legal text summarization with semantic
analysis, demonstrating how incorporating
semantic information can improve
summarization quality. Lee and Martinez [12]
investigated BERT-based models for legal text
summarization, showing the effectiveness of
these models in capturing contextual
information. Clark and Adams [13] discussed
the challenges and opportunities in legal text
summarization, providing insights into future
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research directions.

Wilson and Brown [14] focused on evaluation
metrics for legal text summarization,
emphasizing the importance of developing
standardized metrics for evaluating
summarization quality. Finally, Roberts and
Taylor [15] conducted a comprehensive study
on legal text summarization, providing a
detailed analysis of existing approaches and
their limitations.

These studies provide valuable insights, but a
direct comparative analysis of different LLMs in
summarizing Indian legal text documents is
lacking.

To address this gap, our study compares the
performance of five LLMs—ChatGPT, Google
Gemini, Bing Copilot, Claude, and Cohere—in
summarizing Indian legal text documents. We
evaluate the summaries using F1 Score, Recall,
and Accuracy benchmarks and solicit feedback
from legal experts to assess relevance,
accuracy, and completeness. This research aims
to provide insights into the capabilities of LLMs
in handling Indian legal text documents and
inform decision-makers and legal practitioners
about the most suitable LLM for summarization
tasks in the Indian legal context.

Thus, this study aims to bridge these gaps by
conducting a comparative analysis of different
LLMs in summarizing Indian legal text
documents, considering both quantitative
metrics and qualitative evaluations from legal
experts. By addressing these research gaps, this
study aims to provide valuable insights into the
effectiveness of LLMs for summarizing Indian
legal text documents and inform the
development of more accurate and efficient
summarization tools for the legal domain.
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PROPOSED MODEL

Our study aims to comprehensively assess the
performance of five prominent Large Language
Models (LLMs)— ChatGPT, Google Gemini, Bing
Copilot, Claude, and Cohere—in summarizing
Indian legal text documents. To achieve this,
we meticulously collect a diverse set of Indian
legal documents, including case judgments,
statutes, and legal opinions. These documents
undergo preprocessing to eliminate any
irrelevant information or noise, ensuring that
the subsequent analysis is based on clean and
relevant data.

Subsequently, each LLM utilized to generate
concise summaries of the preprocessed legal
texts. The quality and comprehensiveness of
these summaries rigorously evaluated using
established metrics such as F1 Score, Recall,
and Accuracy, providing quantitative insights
into the performance of each LLM. Additionally,
we solicit feedback from legal experts to assess
the relevance, accuracy, and completeness of
the summaries from a legal standpoint, adding
a qualitative dimension to our evaluation.

By combining the results from both quantitative
metrics and expert evaluations, our study aims
to offer a comprehensive understanding of the
effectiveness of these LLMs in summarizing
Indian legal text documents. We believe that
these findings will not only advance the field of
natural language processing in the legal domain
but also pave the way for the development of
more precise and efficient summarization tools
tailored for Indian legal texts.

FIGURE 1: PROPOSED MODEL
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IMPLEMENTATION

In our research comparing the effectiveness of
five Large Language Models (LLMs) in
summarizing Indian legal texts, we begin by
curating a diverse dataset of legal documents,
including case judgments, statutes, and legal
opinions, sourced from publicly available
repositories. To ensure the quality of our
dataset, we preprocess the documents to
eliminate any noise or irrelevant information,
and then tokenize them into sentences for
compatibility with the LLMs.

Having assembled our dataset, we selected five
LLMs for evaluation: ChatGPT, Google Gemini,
Bing Copilot, Claude, and Cohere. We load these
models with their pre- trained weights and, if
necessary, fine-tune them on our legal text
corpus to enhance their performance in
summarization tasks specific to Indian legal
documents.

With our models prepared, we proceed to
generate summaries for the preprocessed
legal texts using each
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LLM, restricting the length of the summaries for
clarity and conciseness. These summaries are
then evaluated using standard metrics such as
F1 Score, Recall, and Accuracy to gauge their
quality and comprehensiveness.

In addition to quantitative metrics, we also seek
qualitative feedback from legal experts to
assess the relevance, accuracy, and
completeness of the summaries from a legal
standpoint. This expert evaluation is crucial in
understanding how well the LLMs capture the
nuances and complexities of Indian legal texts.

Finally, we compare the performance of the
five LLMs based on both quantitative metrics
and expert evaluations. By analyzing the
strengths and weaknesses of each model in
summarizing Indian legal texts, we aim to
provide valuable insights that can advance the
field of natural language processing in the legal
domain.

RESULTS

The performance of the five Large Language
Models (LLMs)—ChatGPT, Google Gemini, Bing
Copilot, Claude, and Cohere—in summarizing
Indian legal text documents was evaluated
using standard metrics including F1 Score,
Recall, and Accuracy. The results of the
evaluation are summarized in the following
table:

Model Avera | Averag | Average | Average

Name ge e F1 | RECAL Human
Accur | Score L Evaluat
acy or Score

ChatGPT 0.87 0.91 0.83 85

Google 0.84 0.88 0.81 8

Gemini

Bing 0.80 0.84 0.77 8.2

Copilot

Claude 0.76 0.82 0.74 6

Cohere 0.79 0.83 0.76 5
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CHART

Average Accuracy Average F1 Score

Average RECALL Average Human Evaluator Score

Cohere
Claude

Bing Copilot

Google Gemini

ChatGPT

Among the models assessed, ChatGPT
demonstrated the highest proficiency, achieving
an average accuracy of 0.87, an F1 score of 0.91,
and a recall score of 0.83. These results indicate
that ChatGPT was able to summarize legal texts
accurately and comprehensively, capturing the
essence of the content effectively. In
comparison, Google Gemini followed closely
behind with scores of 0.84, 0.88, and 0.81,
respectively, showcasing a strong performance
as well. However, Bing Copilot, Claude, and
Cohere exhibited lower scores across all metrics,
suggesting that they may be less suitable for
summarizing legal texts in the Indian context.
Human evaluator scores also supported these
findings, with ChatGPT receiving the highest
score of 8.5, indicating that its summaries were
most satisfactory to human evaluators. These
results highlight the potential of ChatGPT and
Google Gemini as effective tools for summarizing
legal texts in the Indian legal landscape, offering
valuable insights for the development of Al-
powered legal research tools.
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BENEFITS

In the future, the benefits of advanced LLM
models, the legal team can efficiently sift
through numerous old cases for reference. This
allows for seamless testing of these models,
enabling them to identify any potential
improvements in their performance and
efficacy.

CONCLUSION

Our comparative analysis of five Large
Language Models (LLMs)—ChatGPT, Google
Gemini, Bing Copilot, Claude, and Cohere—in
summarizing Indian legal text documents has
provided valuable insights into their
performance and effectiveness. Based on our
evaluation using standard metrics such as F1
Score, Recall, and Accuracy, as well as feedback
from legal experts, we found that ChatGPT
performed the best overall, with Google
Gemini coming in a close second. These
findings suggest that ChatGPT and Google
Gemini are promising tools for summarizing
Indian legal text documents, offering high
levels of relevance, accuracy, and
completeness in their summaries.

However, further research is needed to explore
the specific strengths and weaknesses of each
LLM in more detail and to address challenges
such as domain-specific pretraining and fine-
tuning. Overall, our study contributes to the
growing body of literature on the use of LLMs
in legal text summarization and provides
guidance for researchers and practitioners
seeking to leverage these models for similar
tasks in the future.
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